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Abstract
A brand-new geographic top-level domain “.kyoto” was born on Jan 28, 2015 by registering it in the
root zone of the Internet. Registrants of the .kyoto are strictly restricted to the nexus of Kyoto, and
policy of using kyoto domain is rigorously maintained for achieving security and quality. This paper
describes a unique approach for maintaining reliable and sustainable cyber community of Kyoto,

respectively called Kyoto-security and Kyoto-quality.
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